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Assisting people with disabilities in finding and securing jobs has long been viewed as a core
value for rehabilitation of professionals and a central goal in vocational rehabilitation service delivery.
To this end, much attention has been paid to outcome evaluation and to identify the factors relevant to
employment outcomes. However, investigation into the geographical spatial distribution of disability
employment remains scarce in many countries, including Taiwan. Rapid development in spatial
analysis in recent years has the advantage of understanding spatial characteristics and patterns
revealed by data. Spatial regression models can further take the relationships between various
potential factors associated with the spatial characteristics into account.

Therefore, this study aims to apply spatial analysis to understand spatial distribution patterns of
employment of people with disabilities who were successfully employed after receiving vocational
rehabilitation services in Taiwan. The employment data was derived from the National Disability
Vocational Rehabilitation Case Service database (2016). The global spatial autocorrelation analysis
using Moran Index found that spatial clusters of employment for people with disabilities exist.
According to local spatial autocorrelation analysis using Local Indicators of Spatial Association
(LISA), significant high-high pattern was found, but not high-low, low-high and low-low patterns.
Moreover, regression analysis showed that employed population density and service percentage were
important predictors. Both variables were positive related and had different effects in different
townships among Taiwan. Based on the result, this study suggests that the geographically weighted
regression provides a better result than the traditional multi-regression on the spatial distribution of

disability employment in Taiwan.
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